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ABSTRAK

M RAFLI ADITYA. Analisis Perbandingan Arsitektur MobileNetV2,
ResNet50 dan DenseNet121 Dalam Kilasifikasi Jenis Daging Berdasarkan Citra
Digital. Dibimbing oleh TOTO HARYANTO dan LAILAN SAHRINA
HASIBUAN.

Penelitian ini membandingkan kinerja tiga arsitektur Convolutional Neural
Network (CNN), yaitu MobileNetV2, ResNet50, dan DenseNetl21, dalam
klasifikasi jenis daging sapi dan babi berdasarkan citra digital. Permasalahan ini
muncul karena seringnya terjadi penipuan di mana pedagang menjual daging babi
yang lebih murah sebagai daging sapi, yang sulit dibedakan oleh konsumen tanpa
bantuan teknologi. Studi ini bertujuan mengidentifikasi arsitektur CNN yang paling
efisien untuk tugas ini, dengan menggunakan metode transfer learning dan variasi
hyperparameter. Hasil penelitian menunjukkan bahwa DenseNet121 mencapali
akurasi terbaik sebesar 70%, precision 0,7, recall 0,7, dan F1-score 0,7,
menjadikannya arsitektur paling efektif. MobileNetV2 mengikuti dengan akurasi
60%, precision 0,6, recall 06, dan F1-score 0,6. Sebaliknya, ResNet50 memiliki
performa terendah dengan akurasi 35%, precision 0,35, recall 0,35, dan F1-score
0,35. Temuan ini menunjukkan bahwa DenseNet121 lebih unggul dalam
mengklasifikasi citra daging sapi dan babi, terutama dalam aplikasi yang
membutuhkan identifikasi cepat dan akurat.

Kata kunci: Convolution Neural Network, Deep Learning, Densenet121, klasifikasi
daging, MobileNetV2, ResNet50

ABSTRACT

M RAFLI ADITYA. Comparative Analysis of MobileNetV2, ResNet50,
and DenseNet121 Architectures in Classifying Meat Types Based on Digital
Images. Supervised by TOTO HARYANTO and LAILAN SAHRINA
HASIBUAN.

This study compares the performance of three Convolutional Neural
Network (CNN) architectures, which are MobileNetV2, ResNet50, and
DenseNet121 in classifying beef and pork types based on digital images. The issue
arises due to the frequent occurrence of fraud where vendors sell cheaper pork as
beef, which is difficult for consumers to differentiate without technological
assistance. This study aims to identify the most efficient CNN architecture for this
task by using transfer learning methods and variations in hyperparameters. The
results show that DenseNet121 achieved the best accuracy at 70%, with a precision
of 0.7, recall of 0.7, and an F1-score of 0.7, making it the most effective architecture.
MobileNetV2 follows with an accuracy of 60%, precision of 0.6, recall of 0.6, and
an F1-score of 0.6. In contrast, ResNet50 performed the lowest with an accuracy of
35%, precision of 0.35, recall of 0.35, and an F1-score of 0.35. These findings
indicate that DenseNet121 is superior in classifying beef and pork images,
especially in applications requiring quick and accurate identification.

Keywords: Convolution Neural Network, Densenetl21, Deep Learning,

MobileNetV2,Meet Classification, ResNet50
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