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ABSTRAK 

ALINKA NAJWA SONIA. Penerapan Multinomial Naïve Bayes dan LightGBM 

dalam Klasifikasi Sentimen pada Isu Overclaim Skincare. Dibimbing oleh ELIS 

KHATIZAH dan MOHAMAD KHOIRUN NAJIB.  

Fenomena overclaim skincare di TikTok memunculkan berbagai respons 

publik yang tercermin pada kolom komentar sehingga penting untuk memahami 

sentimen yang terbentuk. Penelitian ini menerapkan model Multinomial Naïve 

Bayes (MNB) dan Light Gradient Boosting Machine (LightGBM) untuk 

mengklasifikasikan sentimen komentar ke dalam tiga kelas. Selain itu, penelitian 

ini juga menilai pengaruh jenis pelabelan dan distribusi sentimen terhadap performa 

model, serta mengidentifikasi kata-kata pemicu sentimen. Ketidakseimbangan 

distribusi data diatasi melalui augmentasi menggunakan teknik back translation. 

Model diuji pada empat skenario berdasarkan jenis pelabelan dan kondisi distribusi 

sentimen, lalu dievaluasi dengan akurasi, presisi, recall, dan f1-score. MNB pada 

skenario pelabelan manual dengan distribusi sentimen seimbang ditemukan sebagai 

model terbaik dengan akurasi 0,81 dan performa lebih stabil dibandingkan 

LightGBM. Temuan ini menegaskan bahwa kualitas pelabelan dan keseimbangan 

distribusi sentimen berperan krusial dalam meningkatkan kinerja model. Selain itu, 

kata-kata pemicu sentimen berhasil diidentifikasi melalui analisis feature 

importance berbasis TF-IDF pada model terbaik.  

Kata kunci:  analisis sentimen, LightGBM, Multinomial Naïve Bayes, overclaim 

skincare, tiktok  

ABSTRACT 

ALINKA NAJWA SONIA. Implementation of Multinomial Naïve Bayes and 

LightGBM for Sentiment Classification on Overclaim Skincare Issues. Supervised 

by ELIS KHATIZAH and MOHAMAD KHOIRUN NAJIB.  

The discussion of overclaim skincare on TikTok has generated various public 

responses in the comment section, making it important to understand the sentiment 

formed. This study applies Multinomial Naïve Bayes (MNB) and Light Gradient 

Boosting Machine (LightGBM) to classify comment sentiment into three classes. 

This study also examines the effect of labeling methods and sentiment distribution 

on model performance, as well as identifying sentiment trigger words. The 

imbalanced dataset was addressed through back translation augmentation. The 

models are tested in four scenarios based on labeling methods and sentiment 

distribution condition, then evaluated using accuracy, precision, recall, and f1-score. 

MNB with manual labeling and balanced sentiment distribution was found as the 

best-performing model, achieving an accuracy of 0.81 and more stable performance 

compared to LightGBM. These findings confirm that labeling quality and balanced 

sentiment distribution are crucial in improving model performance. Furthermore, 

sentiment trigger words were successfully identified through TF-IDF-based feature 

importance analysis on the best model. 

Keywords: LightGBM, Multinomial Naïve Bayes, overclaim skincare, sentiment 

analysis, tiktok
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